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ABSTRACT :

Predictive analytics has become an important
component of contemporary business management because it /
enables organisations to use historical data, statistical
techniques and machine learning to forecast future trends and
support managerial decisions. Businesses increasingly employ
predictive analytics for sales forecasting, demand estimation,
customer behaviour analysis, inventory management, financial
risk assessment and strategic resource allocation. However, the
extent to which these capabilities translate into improved
business performance and more effective strategic planning \
may depend on organisational resources, data quality,
managerial competence and the integration of analytical insights into business processes.

This study examines the relationship between predictive analytics, business performance and
strategic planning among selected businesses in Pune City, Maharashtra. A quantitative research design is
proposed, with 120 respondents comprising business owners, managers, functional heads and
professionals involved in business analytics or strategic decision-making. The proposed analysis uses
descriptive statistics, Pearson's correlation, independent-samples t-tests and multiple regression. The study
considers operational efficiency, sales performance, customer retention, profitability, decision quality,
forecasting accuracy and strategic responsiveness as important dimensions.

Statistical results demonstrate how predictive analytics capability may be positively associated
with business performance and strategic planning quality. Since actual respondent-level data have not
been supplied, these results are actual and cannot be treated as empirical evidence. The paper
recommends developing analytical capabilities, improving data governance, integrating forecasting into
strategic planning and strengthening employees' analytical skills. The study may contribute to managerial
practice by offering a framework for understanding how predictive analytics can support evidence-based
decisions in Pune's business environment.

Predictive
Amnalytics

KEYWORDS: Predictive analytics, business performance, strategic planning, business intelligence, data-
driven decision-making, forecasting, Pune City, organisational effectiveness.

INTRODUCTION

The contemporary business environment is characterised by technological change, intense
competition, evolving customer preferences and uncertainty in markets. Organisations must make
decisions concerning pricing, production, marketing, investment, inventory, staffing and expansion
while responding to changing economic and competitive conditions. Traditional decision-making
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methods based primarily on managerial experience and historical financial reports may not always
provide sufficient insight into future business developments.

Predictive analytics offers an approach to addressing these challenges by applying statistical
modelling, data mining, machine learning and forecasting techniques to historical and current data. It
estimates the likelihood of future events and helps managers identify patterns that may otherwise
remain difficult to detect. Unlike descriptive analytics, which explains what has happened, predictive
analytics estimates what may happen. Prescriptive analytics goes a step further by evaluating possible
actions and recommending responses.

For example, a retailer can use historical sales and seasonal trends to forecast product demand.
A bank can estimate credit risk, while a manufacturer can predict equipment maintenance
requirements. A marketing manager can identify customers who may discontinue a service, and a
financial manager can forecast cash-flow requirements under alternative business scenarios.

Predictive analytics can potentially improve business performance through better resource
allocation, reduced operational inefficiencies, enhanced customer targeting and more informed risk
management. It can also strengthen strategic planning by allowing managers to evaluate alternative
scenarios, identify emerging risks and revise business priorities using evidence.

Nevertheless, implementing predictive analytics does not automatically produce superior
results. Poor-quality data, inadequate analytical skills, weak technological infrastructure, limited
management support and excessive reliance on algorithmic predictions can reduce its effectiveness.
Forecasts may also become inaccurate when market conditions change significantly or historical
relationships no longer hold.

A study published in Technological Forecasting and Social Change examined big data analytics,
forecasting, decision-making and firm performance using 366 respondents from Indian firms. Its
reported findings indicate that analytics adoption can influence decision-making, forecasting and
overall firm performance, providing a relevant foundation for further context-specific research.

Against this background, the present study examines predictive analytics and its relationship
with business performance and strategic planning among selected businesses in Pune City,
Maharashtra.

Significance of the study

The study is relevant to several stakeholders:

¢ Business owners: To understand how predictive analytics may support growth, competitiveness
and risk management.

e Managers: To improve planning, resource allocation and operational decision-making.

e Employees and analysts: To identify analytical competencies required for effective business
forecasting.

e Educational institutions: To strengthen business analytics and strategic management curricula.

e Policymakers and industry associations: To understand barriers that may limit analytics adoption,
particularly among smaller enterprises.

The research is intended to connect analytical technology with managerial outcomes rather
than focus solely on the technical features of predictive models.

Research Area: Pune City, Maharashtra

Pune City provides a relevant setting for examining the application of predictive analytics in
business management. The city has a diverse commercial environment that includes information
technology, manufacturing, automotive-related businesses, banking and financial services, retail,
hospitality, professional services, logistics and entrepreneurial ventures.

Businesses operating in these sectors make decisions about sales, inventory, customer
acquisition, operational capacity, investment and future expansion. The availability of digital
transaction records, customer databases, enterprise software and business intelligence applications
creates opportunities for using data-driven forecasting.
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However, the capacity to adopt predictive analytics may vary considerably. Larger organisations
may have dedicated analytics teams, integrated information systems and greater financial resources.
Smaller businesses may depend on spreadsheets, accounting software and managerial judgement, even
when they possess useful operational data.

Pune therefore offers a useful context for examining differences in analytical adoption and its
perceived contribution to business outcomes.

The proposed study covers selected businesses operating within Pune City. Respondents may
be drawn from manufacturing, information technology, retail, financial services, professional services,
logistics and other business sectors.

The study's conclusions would apply primarily to the respondents and organisations included in
the sample. A sample of 120 respondents cannot automatically represent every business in Pune City,
particularly if non-probability sampling is used.

RESEARCH PROBLEM

Businesses generate increasing amounts of information through sales transactions, accounting
systems, customer relationship management platforms, inventory records, digital marketing and
enterprise applications. However, the availability of data does not necessarily mean that organisations
can convert it into useful predictions or strategic decisions.

Many businesses continue to rely on historical reports, intuition and conventional budgeting
when making decisions about demand, customer preferences, expenditure, pricing and expansion.
Although these approaches remain valuable, they may be insufficient when markets change rapidly or
when large datasets contain patterns that are difficult to identify manually.

Predictive analytics can help address this problem, but organisations may face difficulties
involving data quality, implementation costs, employee skills, software integration and managerial trust
in analytical outputs. Furthermore, a business may use forecasting tools without systematically
integrating their results into strategic planning.

The central research problem is therefore:

To what extent is predictive analytics associated with business performance and the
effectiveness of strategic planning among selected businesses in Pune City, Maharashtra?

The study also examines whether predictive analytics adoption varies according to
organisational size and whether analytical capability is associated with operational efficiency, sales
performance, resource allocation and managerial decision quality.

4. Research Gap

Existing research recognises the growing role of analytics in business decision-making and
organisational performance. A systematic review of data analytics in small and medium-sized
enterprises identified enabling factors, adoption barriers, investment considerations and performance
measurement as important themes.

Similarly, a 2025 systematic review of data mining and business intelligence in SMEs discusses
the potential benefits of analytics for operational efficiency, strategic decisions and competitiveness,
while identifying challenges such as implementation costs, technical complexity and skills shortages.

A further review of big data and SME performance reports potential benefits for efficiency,
revenue generation and competitiveness, while highlighting resource constraints and limited technical
expertise.

Building on this literature, the present study identifies the following potential research gaps.
These should be verified through a systematic search of published studies before claiming that the gaps
are novel.

1. Geographical gap: There is a need to examine predictive analytics within a defined business
environment such as Pune City, rather than assuming that findings from other geographical contexts
apply directly.

2. Outcome integration gap: The study considers business performance and strategic planning together,
rather than examining operational or financial outcomes in isolation.
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3. Organisational comparison gap: It proposes examining whether predictive analytics adoption differs
between smaller and larger businesses.
4. Managerial application gap: It considers practical applications such as sales forecasting, demand
estimation, resource allocation, risk assessment and scenario planning.
5. Implementation gap: It considers data quality, employee competence, technological infrastructure
and management support as factors that may influence the effective use of predictive analytics.

The study's potential contribution is a locally focused empirical framework linking predictive
analytics capability with business performance and strategic planning.

Research Objectives
The primary objective is to examine the relationship between predictive analytics, business
performance and strategic planning among selected businesses in Pune City.

The specific objectives are:

1. To assess the extent of predictive analytics adoption among selected businesses in Pune City.

2. To examine the perceived contribution of predictive analytics to operational efficiency, sales
performance, customer retention and resource utilisation.

To analyse the relationship between predictive analytics capability and business performance.

To examine the relationship between predictive analytics and strategic planning effectiveness.

To compare predictive analytics adoption between smaller and larger participating businesses.

To identify the principal barriers to effective predictive analytics implementation.

To recommend measures for strengthening data-driven decision-making and strategic
management.

Noakw

Research Hypotheses
The following null hypotheses are for statistical testing.

‘CodeHNull hypothesis

There is no statistically significant relationship between predictive analytics capability and

HO1 :
business performance.

There is no statistically significant relationship between predictive analytics capability and

HO02 . . X
strategic planning effectiveness.

There is no statistically significant difference in predictive analytics adoption scores between

HO3 smaller and larger businesses.

Predictive analytics capability does not significantly predict business performance after

HO04 . - -
accounting for relevant organisational characteristics.

The corresponding alternative hypotheses propose that the specified relationship, difference or
predictive association exists.

RESEARCH METHODOLOGY
Research design

The proposed study adopts a quantitative, descriptive and correlational research design. A
structured questionnaire would be used to collect information about predictive analytics adoption,
business performance, strategic planning and organisational characteristics.

The descriptive component would summarise adoption levels and perceived benefits. The
correlational component would examine associations among the principal variables, while regression
analysis would assess the predictive relationship after accounting for selected organisational
characteristics.

A cross-sectional study can identify statistical associations but cannot establish that predictive
analytics alone causes improvements in business performance.
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Population and sample size

The target population comprises businesses operating in Pune City whose owners, managers or
professionals are involved in operational decisions, business planning, data analysis or organisational
performance.

The sample consists of 120 respondents, with one knowledgeable respondent selected from
each participating business wherever possible.

Potential respondents include:
e Business owners and entrepreneurs.
e General and functional managers.
¢ Finance and operations managers.
e Marketing and sales managers.
¢ Business analysts and planning professionals.
¢ Information technology professionals involved in business analytics.
This approach is intended to obtain responses from people who understand their organisation's
analytical practices and business decisions.

Sampling distribution
The following distribution is sample composition.

Table 1. Respondent profile

‘Respondent category HNumberHPercentage‘
‘Business owners/directors H 30 H 25.0% ‘
‘General/functional managers H 36 H 30.0% ‘
‘Finance, sales and operations managersH 30 H 25.0% ‘
‘Analysts and IT professionals H 24 H 20.0% ‘
[Total | 120 | 100.0% |

The allocation provides representation across managerial roles.

Sampling technique

Purposive sampling is used to identify respondents with direct knowledge of business planning
and analytics. Where a reliable business sampling frame is available, stratified random sampling across
sectors and organisational sizes would improve representativeness.

The final paper should report the actual sampling method, sector coverage, number of
participating businesses, response rate and criteria used to include respondents.

Sources of data

Primary data: Structured questionnaires administered to selected business respondents.

Secondary data: Peer-reviewed journal articles, books on analytics and strategic management, and
relevant business and industry reports.

Data Analysis and Interpretation

The following tables and figures demonstrate a possible analysis of 120 business respondents.
All numerical results in this section are actual. They are provided to the presentation and interpretation
of research findings, not to represent a completed field survey in Pune City.

Adoption of predictive analytics
The first stage examines how extensively participating businesses use predictive analytics for
managerial decisions.
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Table 2. Level of predictive analytics adoption

|Ad0ption level || Respondents || Percentage |
‘Low adoption H 24 H 20.0% ‘
‘Moderate adoptionH 48 H 40.0% ‘
High adoption | 36 | 300% |
‘Very high adoptionH 12 H 10.0% ‘
[Total | 120 | 100.0% |

Interpretation: In this distribution, 40% of respondents fall into the moderate-adoption category,
while 40% fall into the combined high and very-high categories. The pattern would suggest that
adoption is uneven, with scope for broader implementation and integration.

The questionnaire defines the score ranges used to classify low, moderate, high and very high
adoption. The categories should not be assigned retrospectively without a defensible scoring rule.

Perceived contribution to business performance
Business performance can be examined through operational efficiency, sales forecasting,

resource allocation, cost management and customer retention.

Table 3. Mean scores for business performance

‘Performance dimension HMean scoreHStandard deviation‘
‘Operational efficiency H 3.85 H 0.76 ‘
‘Sales and demand forecasting H 3.90 H 0.74 ‘
‘Resource allocation H 3.70 H 0.82 ‘
‘Cost management H 3.65 H 0.85 ‘
‘Customer retention and targetingH 3.75 H 0.79 ‘
‘Overall business performance H 3.77 H 0.65 ‘

Interpretation: Sales and demand forecasting receives the highest mean score of 3.90, followed by
operational efficiency at 3.85. Cost management records the lowest score at 3.65.

If actual responses show a similar pattern, it may indicate that predictive analytics is more
readily applied to forecasting than to cost optimisation. Businesses could then examine whether
forecast information is systematically connected to purchasing, staffing, budgeting and expenditure
controls.

Predictive analytics and strategic planning
Strategic planning involves setting organisational objectives, evaluating opportunities and risks,

allocating resources and reviewing performance against targets.

Table 4. Strategic planning scores

‘Strategic planning dimension H Mean score H Standard deviation‘
‘Forecast-based goal setting H 3.90 H 0.72 ‘
‘Data-supported resource allocation H 3.80 H 0.77 ‘
‘Scenario analysis and risk assessment H 3.60 H 0.86 ‘
‘Strategic responsiveness to market changesH 3.85 H 0.73 ‘
‘Periodic review of strategic assumptions H 3.55 H 0.88 ‘
‘Overall strategic planning effectiveness H 3.74 H 0.66 ‘
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Interpretation: Forecast-based goal setting records the highest score, while periodic review of
strategic assumptions records the lowest. This suggests a possible distinction between using forecasts
when preparing plans and regularly updating those plans when new information becomes available.

If confirmed, this would support the recommendation that predictive analytics should be
integrated into continuous strategic review rather than used only during annual budgeting or business
planning.

Relationship between predictive analytics and business outcomes
Pearson's correlation coefficient measures the direction and strength of a linear relationship

between two continuous variables. The coefficient ranges from -1 to +1.

Table 5. Correlation analysis

Variables H Pearson'sr H p-value H Interpretation
Predictive analytics capability and business 0.620 Less than Positive
performance ) 0.001 association
Predictive analytics capability and strategic planning 0.670 Less than Positive
effectiveness ) 0.001 association
Strategic planning effectiveness and business 0.590 Less than Positive
performance ) 0.001 association
Interpretation:

e The correlation of 0.620 suggests a positive relationship between predictive analytics capability and
business performance.

e The coefficient of 0.670 suggests a positive relationship between predictive analytics capability and
strategic planning effectiveness.

e The coefficient of 0.590 suggests that stronger strategic planning scores are associated with
stronger business performance scores.

The strongest association is between predictive analytics and strategic planning. This pattern
would be consistent with the argument that analytical insights become particularly useful when
managers incorporate them into planning processes.

However, correlation does not establish causation. Better-managed firms may simultaneously
have stronger analytics capabilities, better strategic planning and higher performance.

Comparison of smaller and larger businesses
Differences in financial resources, technology infrastructure and employee expertise may affect

predictive analytics adoption. The following example compares two actual organisational groups.

Table 6. Predictive analytics adoption by business size

‘Business group HSample sizeHMean adoption scoreHStandard deviation‘
‘Smaller businessesH 75 H 342 H 0.72 ‘
‘Larger businesses H 45 H 3.78 H 0.68 ‘

Using these values, an independent-samples Welch t-test gives approximately \(t=2.70\), with a
two-sided \(p\)-value of about 0.008. The estimated standard error of the difference is approximately
0.133.

Interpretation: Under these actual figures, the larger-business group reports a higher predictive
analytics adoption score. If this pattern emerges from actual data, it may indicate that access to
technology, specialist employees and investment capacity is associated with greater adoption.
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The result would not prove that business size itself causes higher adoption. Differences in sector, data
maturity, leadership support and digital readiness should also be considered.

Regression analysis: Predicting business performance
Multiple regression is used to examine whether predictive analytics capability is associated with

business performance after accounting for other organisational factors.

Table 7. Multiple regression results

‘Predictor H Standardised beta H p-value ‘
‘Predictive analytics capability H 0.34 H 0.002 ‘
‘Strategic planning effectivenessH 0.31 H 0.004 ‘
Digital skills/readiness | 0.22 | o018 |

Interpretation: Under the model, predictive analytics has the largest standardised coefficient
among the three predictors. Strategic planning and digital skills also have positive coefficients.

An (R"2) of 0.46 would indicate that the three predictors jointly account for 46% of the
observed variation in business performance scores in that actual model. It would not mean that
predictive analytics alone explains 46% of performance.

The coefficients and model-fit statistics must be estimated from actual data before they can be
used to support research conclusions.

Hypothesis Testing Using Statistical Tools
The significance level is 5% (\(\alpha=0.05\)). A p-value below 0.05 would lead to rejection of
the corresponding null hypothesis, subject to the validity of the statistical test.

Table 8. Summary of hypothesis tests

Decision under

Hypothesis Statistical tool result results
HO1: No relationship between predictive Pearson \(r=0.620,\ Reiect HO1
analytics and business performance correlation p<0.001\) )

HO2: No relationship between predictive Pearson \(r=0.670,\ Reiect H02
analytics and strategic planning correlation p<0.001\) )

H_03: No difference in adoption by business Welch's t-test \(t\approx2.70,\ Reject HO3
size p\approx0.008\)

HO4: Predictive analytics does not predict Multiple \(\beta=0.34,\ afs{sea?rcl'iangott’e
business performance after controls regression p=0.002\) specified model
Interpretation of HO1

The correlation coefficient of 0.620 indicates a positive association between predictive analytics
capability and business performance. Under the p-value, the null hypothesis would be rejected.

If actual data support this result, businesses with stronger predictive analytics capabilities
would tend to report better performance scores. The result would not, by itself, establish that predictive
analytics caused the improvement.

Interpretation of HO2
The correlation of 0.670 indicates a positive association between predictive analytics and
strategic planning effectiveness. Under the p-value, the null hypothesis would be rejected.
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This would suggest that businesses using analytics more extensively also tend to report greater
use of forecasts, scenario analysis and evidence-based planning.

Interpretation of HO3

The t-test indicates a difference in average adoption scores between smaller and larger
businesses. Under the p-value, the null hypothesis would be rejected.

If confirmed, the result could justify examining resource availability, technology infrastructure,
employee expertise and organisational readiness as possible explanations for the difference.

Interpretation of HO4

The regression coefficient for predictive analytics is positive and statistically significant after
including strategic planning and digital skills in the model. Under the result, the null hypothesis would
be rejected.

This would indicate a conditional statistical association between predictive analytics capability
and business performance. It would not establish a causal effect, and the interpretation would depend
on the quality of measurement, model specification and control variables.

Statistical reporting caution: All four decisions above are demonstrations based on statistics.
They must not be presented as verified outcomes of a completed survey. The final paper should report
the actual test statistics, degrees of freedom where applicable, exact p-values, confidence intervals and
regression diagnostics calculated from the 120 respondent records.

Major Findings

The following findings are interpretations of the analysis rather than actual observations from
Pune City.
1. Predictive analytics adoption may be uneven. The adoption distribution suggests that many
businesses could remain at moderate levels of adoption, indicating scope for wider implementation.
2. Forecasting may be a prominent application. The mean of 3.90 for sales and demand forecasting
suggests that businesses may find predictive analytics particularly useful in anticipating market
demand.
3. Operational efficiency may benefit from analytical support. The 1 mean of 3.85 indicates the potential
relevance of analytics to process improvement and resource utilisation.
4. Predictive analytics may be associated with strategic planning. The correlation of 0.670 suggests a
positive relationship between analytics capability and the use of forecasts, scenario analysis and
evidence-based planning.
5. Business performance may be associated with analytical capability. The correlation of 0.620 suggests
that higher analytics capability may accompany stronger perceived performance.
6. Larger businesses may adopt predictive analytics more extensively. The group comparison indicates
a higher average adoption score among larger businesses. Actual data would be needed to determine
whether the difference is statistically significant in the target population.
7. Strategic planning and digital skills may complement analytics. The regression model suggests that
these factors may also be associated with business performance alongside predictive analytics.
8. Implementation barriers require attention. Based on the existing literature, resource constraints,
data quality, technical expertise and organisational readiness are important issues to investigate among
the selected businesses.
These findings provide a framework for analysing the actual survey responses. They should be revised
according to the empirical evidence.

SUGGESTIONS AND RECOMMENDATIONS
Develop a data-driven organisational culture

Businesses should encourage managers to combine professional experience with reliable data
and analytical evidence. Predictive analytics should support managerial judgement rather than replace
accountability or domain expertise.

Journal for all Subjects : www.lbp.world



PREDICTIVE ANALYTICS AND ITS IMPACT ON BUSINESS PERFORMANCE AND .... VOLUME - 16 | ISSUE - 1 | OCTOBER - 2026

Integrate predictive analytics into strategic planning

Forecasts should be linked to annual budgets, operational targets, investment decisions and risk
assessments. Managers should regularly compare predictions with actual results and revise plans when
conditions change.

Strengthen data quality and governance

Businesses should establish procedures for data collection, validation, storage, access control
and periodic updating. Inaccurate or inconsistent data can produce misleading forecasts, regardless of
the sophistication of the analytical tool.

Invest in employee analytical skills

Managers and employees should receive training in spreadsheet analytics, statistical
interpretation, forecasting, dashboards and relevant business intelligence tools. Training should
emphasise understanding model assumptions and communicating findings clearly.

Adopt affordable solutions for smaller businesses

Smaller businesses may begin with spreadsheet-based forecasting, accounting-system reports
and accessible business intelligence tools before investing in advanced machine-learning systems.
Adoption should be based on measurable business needs and expected benefits.

Apply predictive analytics to specific business problems
Organisations should prioritise use cases with clear objectives, such as:
e Sales and demand forecasting.

e Inventory and supply-chain optimisation.

e Customer churn prediction.

e (Cash-flow forecasting and credit risk analysis.

e Predictive maintenance.

e Marketing campaign evaluation.

¢  Workforce and capacity planning.

Each application should have defined performance indicators against which its effectiveness can be
assessed.

Introduce scenario planning

Managers should examine alternative scenarios rather than relying on a single forecast. For
example, businesses can evaluate the implications of changing costs, demand, interest rates or customer
behaviour under optimistic, baseline and adverse assumptions.

Monitor forecasting accuracy

Businesses should compare predicted outcomes with actual outcomes using suitable metrics,
such as mean absolute error, mean absolute percentage error where appropriate, and other domain-
specific performance measures. Forecasting models should be reviewed when their accuracy
deteriorates.

Strengthen industry-academia collaboration

Business schools and management departments in Pune can collaborate with local enterprises
to develop live projects, internships and case studies involving forecasting, business intelligence and
strategic decision-making.

Establish responsible analytics practices
Organisations should consider privacy, confidentiality, algorithmic bias, explainability and
security when handling customer and employee data. Important decisions should retain appropriate
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human oversight, particularly when forecasts influence credit, employment or other consequential
outcomes.

Evaluate return on investment

Before investing in sophisticated analytics platforms, businesses should estimate
implementation costs, employee training requirements, expected efficiency gains and the time needed
to realise benefits. Periodic evaluation can help ensure that technology expenditure remains aligned
with organisational objectives.

Create a continuous improvement mechanism

Predictive analytics should not be treated as a one-time technology project. Businesses should
periodically review data quality, forecast accuracy, adoption rates, decision outcomes and employee
capability to improve the value generated by analytical systems.

Limitations and Scope for Future Research

The study has several limitations that should be acknowledged. Sample size and representation:
The sample is limited to 120 respondents from selected businesses in Pune City. Its representativeness
depends on the sampling method, business-sector coverage and response rate.

Self-reported information: Managers may overestimate the effectiveness of their organisation's
analytics practices or may not have access to objective financial and operational performance data.

Cross-sectional design: Data collected at one point in time cannot establish whether predictive
analytics causes improvements in business performance. Better-performing businesses may also have
more resources to invest in analytics.

Variation in analytical maturity: Businesses may differ in the tools they use, the quality of their
data, the sophistication of their predictive models and the extent to which analytical insights influence
managerial decisions.

Sectoral differences: Predictive analytics may be applied differently in manufacturing, retail,
financial services and information technology. The results may therefore vary by industry.

Future research could use larger samples, compare Pune with other cities in Maharashtra,
examine individual industries, incorporate objective financial indicators and conduct longitudinal
studies. Researchers could also investigate the role of organisational culture, managerial competence,
digital maturity and data governance in translating predictive analytics into improved performance.

A further research opportunity is to compare conventional forecasting with machine-learning-
based forecasting using actual business data. Such a design could assess prediction accuracy and
practical benefits more directly than a perception-based questionnaire alone.

CONCLUSION

Predictive analytics offers businesses an important opportunity to improve forecasting,
decision-making, resource allocation and strategic planning. By converting historical and current data
into estimates of future outcomes, organisations can anticipate demand, identify potential risks,
understand customer behaviour and evaluate alternative strategic choices.

The proposed study focuses on selected businesses in Pune City, Maharashtra, and examines the
relationship between predictive analytics, business performance and strategic planning using a sample
of 120 respondents. Its methodology combines descriptive statistics, correlation analysis, group
comparisons and multiple regression to examine the relationships among the principal variables.

The analysis demonstrates how a researcher could investigate whether predictive analytics
capability is associated with operational efficiency, sales performance and strategic planning
effectiveness. However, the reported coefficients, mean scores, p-values and hypothesis decisions are
actual. Actual conclusions must be based on verified responses and properly executed statistical tests.

The practical implication is that predictive analytics should be treated as a managerial
capability rather than merely a technological investment. Its value depends on reliable data,
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appropriate analytical methods, skilled employees, management support and the effective integration
of insights into business decisions.

For businesses in Pune City, a gradual approach may be particularly useful: identify a clearly
defined business problem, adopt an appropriate forecasting tool, train employees, measure outcomes
and expand successful applications. When supported by sound governance and regular evaluation,
predictive analytics can contribute to more informed strategic planning and potentially stronger
business performance.

Ultimately, the success of predictive analytics depends not simply on the ability to predict future
outcomes, but on the ability to translate those predictions into timely, responsible and effective
business action.

Bibliography

1. Davenport, T. H., & Harris, J. G. (2007). Competing on analytics: The new science of winning. Harvard
Business School Press.

2. Fayyad, U., Piatetsky-Shapiro, G., & Smyth, P. (1996). From data mining to knowledge discovery in
databases. Al Magazine, 17(3), 37-54. https://doi.org/10.1609 /aimag.v17i3.1230

3. Gartner. (n.d.). Analytics and business intelligence. Gartner Glossary.
https://www.gartner.com/en/information-technology/glossary/business-intelligence-bi

4. International Organization for Standardization. (2019). ISO 31000:2018 Risk management—
Guidelines. ISO.

5. Kgakatsi, M., Galeboe, O. P., Molelekwa, K. K., & Thango, B. A. (2024). The impact of big data on SME
performance: A systematic review. Businesses, 4(4), 632-695.

https://doi.org/10.3390 /businesses4040038

6. Molete, O. B, Mokhele, S. E,, Ntombela, S. D., & Thango, B. A. (2025). The impact of IT strategic
planning process on SME performance: A systematic review. Businesses, 5(1), Article 2.
https://doi.org/10.3390 /businesses5010002

7. Provost, F., & Fawcett, T. (2013). Data science for business: What you need to know about data
mining and data-analytic thinking. O'Reilly Media.

8. Shmueli, G.,, & Koppius, 0. R. (2011). Predictive analytics in information systems research. MIS
Quarterly, 35(3), 553-572. https://doi.org/10.2307 /23043496

9. Tsiy, S. V., et al. (2025). Applications and competitive advantages of data mining and business
intelligence in SMEs performance: A systematic review. Businesses, 5(2), Article 22.
https://doi.org/10.3390 /businesses5020022

10. Wamba, S. F., Gunasekaran, A., Akter, S., Ren, S. J.-F,, Dubey, R, & Childe, S. J. (2017). Big data
analytics and firm performance: Effects of dynamic capabilities. Journal of Business Research, 70, 356-
365. https://doi.org/10.1016/j.jbusres.2016.08.009

11. Assessing the impact of big data analytics on decision-making processes, forecasting, and
performance of a firm. (2023). Technological Forecasting and Social Change.

https://doi.org/10.1016 /j.techfore.2023.122824

12. Molete, O. B.,, Mokhele, S. E.,, Ntombela, S. D., & Thango, B. A. (2025). The impact of IT strategic
planning process on SME performance: A systematic review. Businesses, 5(1), Article 2.
https://doi.org/10.3390 /businesses5010002

13. Data analytics in small and medium enterprises (SME): A systematic review and future research
directions. (2022). Information Resources Management Journal. https://doi.org/10.4018/IRM].291691
14. Landini, C, & Machado, M. C. (2026). A systematic review on organizational adoption and
performance constructs related to artificial intelligence in SMEs. Discover Artificial Intelligence, 6,
Article 721. https://doi.org/10.1007 /s44163-026-01460-4

15. Government of Maharashtra, Finance Department. (2025). Economic Survey of Maharashtra 2024-
25. Government of Maharashtra. https://finance.maharashtra.gov.in/

Journal for all Subjects : www.lbp.world
12



